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 Abstract 

Recent nutritional surveys in North Sumatera Province, Indonesia, have revealed 

unexpected fluctuations in stunting prevalence across 34 districts between 2022 and 2023. 

Notably, Deli Serdang experienced a significant rise in stunting cases, while Tanjung Balai 

and Tapanuli Selatan saw considerable decreases. These variations raise concerns about 

data reliability, measurement methodologies, and data collection practices. This analysis 

highlights the need for standardized measurement practices, robust data quality assurance,   

and the integration of qualitative insights for accurate interpretation of stunting prevalence. 

The findings have important implications for nutrition policy and program evaluation in 

Indonesia and other developing countries facing similar challenges in monitoring child 

growth indicators. Interpreting stunting data accurately requires caution and a more 

comprehensive, standardized approach to nutrition surveillance. 

 

Take-home message: Unexpected fluctuations in stunting prevalence underscore the 

significant challenges in accurately measuring child malnutrition. Improving data reliability 

requires consistent measurement practices, rigorous quality assurance, and the integration of 

qualitative insights. These findings emphasize the need for careful interpretation of stunting 

data and a more sophisticated, standardized approach to nutrition surveillance in developing 

countries. 
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INTRODUCTION 

Stunting—defined as height-for-age more than two standard deviations below the World Health Organization (WHO) 

Child Growth Standards median—remains a major public health issue, particularly in low- and middle-income countries [1]. 

In Indonesia, despite extensive efforts to combat this problem, stunting prevalence has remained high, with national esti-

mates reaching 27.7% in 2019 [2]. Recent data from North Sumatera Province, however, reveal a complicated landscape 

with notable fluctuations in stunting rates across 34 districts between 2022 and 2023 [3]. 
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A particularly stark example is Deli Serdang, where stunting prevalence surged from 12.9% in 2022 to 32.8% in 2023—

a dramatic increase of 19.9 percentage points. In contrast, Tanjung Balai and Tapanuli Selatan saw sudden decreases: from 

26.9% to 5.7% and from 39.4% to 15.6%, respectively [4]. Such dramatic shifts, given that typical annual changes in stunting 

prevalence are about 3% [5], raise concerns about the validity and reliability of the data. 

Effective policy-making, resource allocation, and evaluation of nutrition programs rely on the accuracy and dependability 

of stunting data [6]. Sudden and unexplained changes necessitate a closer examination of data quality, measurement methods, 

and the interpretation of nutritional surveys [7]. This commentary aims to explore the potential causes behind these observed 

trends and to discuss the implications for nutrition policy in Indonesia and similar contexts. 

DISCUSSSION 

Stunting prevalence trends 

The analysis of nutrition surveys conducted in 2022 and 2023 across North Sumatera Province reveals substantial changes 

in stunting prevalence. The most notable is the increase in Deli Serdang, where rates nearly tripled within a year [3,4]. In 

contrast, Tanjung Balai and Tapanuli Selatan exhibited considerable reductions, challenging the typical expectation of gradual 

annual shifts in stunting prevalence [5]. 

Potential explanations for fluctuating prevalence 

1. Measurement technique changes 

Adjustments in measurement tools or techniques can significantly alter stunting estimates. Introducing new equipment or 

modifying protocols may result in identifying previously undetected cases or, conversely, missing existing ones [8]. Studies 

have shown that even minor alterations in measurement methods can have significant impacts on data accuracy, potentially 

explaining the large variations observed [6,7]. 

2. Data collection and quality assurance 

Variations in data collection practices, such as inconsistent training of field personnel or data entry errors, could skew results 

[9]. Changes in sampling methodologies might also contribute to abrupt fluctuations in reported stunting prevalence [7]. It 

is crucial to maintain rigorous quality assurance processes to ensure the reliability of nutritional data [9]. 

3. Reporting inconsistencies 

The variations in trends across districts may stem from inconsistencies in data reporting rather than actual changes in 

nutritional status [10]. This could be due to divergent interpretations of measurement guidelines, protocol adherence, or 

changes in personnel responsible for data collection [6]. These factors highlight the need for clear and consistent reporting 

guidelines to minimize discrepancies in data. 

4. Seasonal and temporal factors 

Surveys conducted during different seasons could yield varying results due to changes in food availability, disease patterns, 

or environmental conditions [11]. However, this explanation alone is insufficient to account for the magnitude of change 

observed in neighboring districts. Seasonal variations may partially influence stunting data but require further investigation 

to understand their impact fully [5,11]. 

5. Increased awareness and reporting 

Greater public awareness and health-seeking behaviors might influence reporting accuracy [12]. However, such changes are 

unlikely to explain both significant increases and decreases observed within a single year. More comprehensive qualitative 

studies are needed to assess the extent to which awareness affects reporting [12]. 

6. Demographic and socioeconomic differences 

Differences in district-level characteristics, such as socioeconomic status, marginalization, and proximity to healthcare 
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facilities, could explain variations in stunting prevalence [13]. These factors often influence child growth and household 

nutrition, highlighting the importance of considering local contexts when interpreting nutritional data [13]. 

Implications and recommendations 

1. Measurement practices 

Implementing uniform measurement practices across regions and over time is critical [8]. Regular training and certification 

of health workers, along with using calibrated equipment, are necessary for accurate comparisons [14]. Adopting international 

standards, such as those recommended by WHO, can further enhance data comparability [1]. 

2. Data quality assurance 

Robust quality control mechanisms should include real-time data validation, periodic audits, and verification of collected 

data [9]. This is essential, especially in districts showing unexpected trends. Improving data quality assurance can prevent 

errors that lead to misleading conclusions [15]. 

3. Qualitative insights 

Combining quantitative data with qualitative insights can provide a more comprehensive understanding of stunting 

prevalence shifts [16]. Community health workers and local stakeholders can offer valuable context about local perceptions 

and factors influencing measurement accuracy [17]. 

4. Transparency in methodology 

Document any changes in survey methodologies and analytical approaches clearly [18]. Transparency in methodology allows 

for a more accurate interpretation of longitudinal trends. Publicly accessible reports detailing methodology changes can aid 

researchers and policymakers in data interpretation [6,18]. 

5. Capacity in local health systems 

Invest in local health systems to enhance their ability to conduct reliable nutrition surveillance [10, 19]. This includes training 

on proper measurement techniques, data management, and the interpretation of growth indicators [19]. Consistent, high-

quality data collection practices will strengthen the ability of local systems to monitor child growth accurately. 

CONCLUSION 

The unexpected fluctuations in stunting prevalence in North Sumatera highlight the complexities in measuring and 

interpreting child growth indicators. These findings emphasize the importance of cautious interpretation of stunting data 

and the need for a comprehensive, standardized approach to nutrition surveillance in Indonesia and similar low- and middle-

income countries. Ensuring data accuracy requires technical improvements and a nuanced understanding of local contexts 

influencing child growth and data reporting [13,17]. 

As nations prioritize stunting reduction, enhancing data quality is essential for tracking progress, allocating resources, and 

improving the health outcomes of millions of children [6,19]. 
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